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Correlation And Causation
	The statement correlation does not equal causation, and potential confounding factors are always considered popular in statistics. It is crucial to understand the relationship between the variables, as mentioned earlier in numeric data. Correlation represents a measure of the relation of two numeric variables. There are different numerical measures of correlation, for instance, spearman’s correlation coefficient and Pearson correlation coefficient. Causation represents the relation between two variables in that one variable is affected by another. For instance, the majority of medical studies offer evidence that smoking results in lung cancer. The majority of people claim that a change in a single variable affects another variable, but that is not usually the case. There can be evidence from the world experience that indicates the correlation between the variable. However, correlation does not equal causation; for example, more workout reduces belly fat, or more sleep increases work performance. These statements could be precisely correct. However, these statements require substantial evidence to state the causal relationship between the variables factually (Benjamin, 2013).
 Correlation is a connection or relationship between two variables where a change in one of the variables affects the other. However, change in a particular variable does not affect the other. That is a correlation and not causation, for example, a growth from childhood to adulthood. An increase in height increases the mass; however, getting taller does not imply that an individual gets wider. Instead, maturity to adulthood increases both height and mass variables. It is crucial to consider the potential factors. Such factors represent other aspects other than the hypothesis being studied. For example, in the age group between 30-45, eating red meat causes heart disease. However, before concluding the issue, it is crucial to consider the confounding factors. In such an example, researchers may focus on measuring red meat consumption and cases of heart disease. However, the participants who ate lots of red meat might also have been overweight or smoked cigarettes. Therefore, the two factors could have influenced the cause of heart diseases in the participants. Accounting for confounders is crucial when undertaking observational or survey research since it is challenging to control the variables (Kennaway, 2020).
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